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Product Pitch

Currently, professional card game analysis is not automated. Instead of having to tag
cards in advance or rely on human labor to manually review game footage, our
product images cards as they are dealt through a self-contained automated cardshoe,
classifies the cards, and automatically updates a web app with the game state. This
allows spectators, commentators, and stakeholders to observe the game state in
real-time without the overhead of current solutions.

System Description

The Nvidia Jetson Nano controls the camera system, performs
image processing, and sends the results to the web app. The
Jetson Nano is battery-powered and can last hours without
having to recharge. It connects wirelessly to the internet, so it
requires no extra cables on the casino table.

PokerCam employs infrared reflectometry to accurately identify
when cards are being dealt. LEDs below illuminate the face of
the card and ensure quality images are captured. This then
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The convolutional neural network classified both the

rank and suit correctly with 97.87% test accuracy.
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Battery Power

PokerCam’s battery lasts at least 3 hours dealing 10
decks, enough power to last multiple games.
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